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Figure 1: (1) SALSs select a scenario relevant to their practice and common challenges. (2) They review an overview of student
agents’ stress and anxiety levels (red indicates high stress and anxiety). (3) They pick a student agent with high stress and
anxiety and inspect profile and background. (4) They chat with the student agent using each reply and the corresponding inner
monologue.

Abstract
Student Academia and Life Supporters (SALSs) at Chinese univer-
sities are a unique group often taking multiple roles (e.g., tutors,
advisors, and psychological counselors) for student administration,
but lack socio-technical support when dealing with students with
stress and anxiety. LLM provides the opportunity to run simu-
lations and provide rehearsal opportunity. Through a formative
study involving five SALSs and 33 students, we developed CoSim,
an LLM-based simulation system featuring 33 built-in agents that
simulate these students’ stress and anxiety in diverse scenarios,
achieving 72% and 76% similarity. The think-aloud evaluation with
10 SALSs shows that (1) CoSim resonates with real students in
expression, reasoning, and trust, with some limitations; (2) CoSim
supports SALSs’ reflection of communication strategies, but also
causes an extra burden. This study contributes to the intersection
of health and education through LLM-based simulation, offering
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design opportunities to support diverse stakeholders in education
settings.

CCS Concepts
• Human-centered computing → Empirical studies in collab-
orative and social computing; Empirical studies in HCI.
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1 Introduction
College students often experience stress and anxiety arising from
academic demands, social transitions, and limited access to coun-
seling resources [1, 14, 22]. HCI research has devoted attention and
carried out work on student mental health, including self-tracking
tools [7, 15, 32, 35], conversational agents [19], and reflection or
mindfulness applications [2, 10, 16]. While these systems provide
valuable support, they tend to emphasize reactive interventions,
engaging students when distress becomes visible or self-reported.
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Yet, a proactive response is critical for preventing problems from
escalating [11, 27, 33]. In practice, educators and counselors often
play a critical role in noticing subtle early warning signs through
everyday interactions with students. However, they face several
challenges, such as limited training in mental health, fragmented
information about students’ experiences, and difficulties in identi-
fying underlying causes of stress [9, 13]. Despite their critical role,
relatively few HCI efforts have focused on supporting these stake-
holders in developing skills and tools for proactive intervention.

In China, these needs are particularly acute, with a large student
population and a shortage of professional mental health practition-
ers [4, 9, 23]. As a result, much of the responsibility for frontline
mental support falls to a unique role known as Fudaoyuan [21],
commonly translated as Student Academia and Life Supporters
(SALSs). They engage closely with students and are expected to
detect early signs of psychological well-being issues and intervene
when necessary. However, they typically lack formal mental health
training [9]. This gap motivates exploration of approaches that
provide opportunities for SALSs or other stakeholders to engage in
structured, low-risk practice.

Recent advances in large language models (LLMs) have enabled
the development of social agents capable of simulating plausible
human behaviors, emotions, and interactions [25, 26]. Within ed-
ucation, such agents have been applied to classroom simulation
[18, 29, 36], teachable student agents [12, 34], and scenario-based
tutor training [6, 8, 17, 24, 31], demonstrating their potential to
provide realistic yet controllable practice environments. In contrast,
their use for student mental health contexts remains underexplored,
particularly preventive training for non-specialist counselors such
as SALSs.

To better understand the pressing needs of SALSs, we conducted
a formative study with five SALSs. The interviews focused on their
daily practices and cases of students experiencing stress or anxiety.
Analysis revealed three recurring challenges: difficulties in timely
identification of at-risk students, limited access to longitudinal in-
formation about students’ trajectories, and uncertainty in tracing
problems back to their underlying causes. Building on these find-
ings, we introduce CoSim, an LLM-based simulation system that
generates student agents grounded in interview and survey data,
each exhibiting plausible stress and anxiety responses across com-
mon university scenarios. CoSim provides a multi-phase interface
that enables counselors to (1) monitor groups of students, (2) ex-
plore individual profiles and behavioral trajectories, and (3) engage
in interactive counseling with real-time feedback on stress, anxiety,
and conversational effectiveness.

To evaluate the system, we conducted a user studywith 10 SALSs,
guided by the following research questions:

• RQ1: How do SALSs feel about the simulation system design?
• RQ2: How do SALSs feel about the interaction with the sim-
ulated students?

• RQ3: How do the simulated students and conversations in-
fluence SALSs’ communication and self-reflection?

2 Study Design
We first interviewed five SALSs to understand their support prac-
tices and challenges and to collect cases and scenarios that evoke

student stress and anxiety. We then deployed a structured inter-
view chatbot with a prescribed stress-and-anxiety protocol and
used the resulting transcripts to construct student agents. Next, we
developed CoSim by combining these scenarios with the student
agents to simulate student stress and anxiety, invited 10 SALSs to
use CoSim for about an hour, and analyzed the resulting dialogues
to identify SALSs’ communication patterns.

2.1 Formative Study to Identify Challenges
We interviewed five SALSs to explore the challenges they face in
providing student support. Through thematic analysis, we identified
three challenges: (C1) Talking to stressed students is challenging for
beginners. SALSs currently lack low-risk opportunities to rehearse
supportive conversations before stepping into high-stakes offline
interactions. (C2) SALSs often struggle to access a student’s back-
ground or behavioral history. This lack of integrated information
makes it difficult to pinpoint the exact sources of a student’s stress
during a conversation. (C3) SALSs often worry about missing sub-
tle conversational cues. Furthermore, they often remain uncertain
whether their verbal responses support the student or unintention-
ally cause further stress. These challenges underscore the need for
a simulation-based context that enables SALSs to rehearse before
similar talks with real peers.

2.2 Design and Implementation of CoSim
To address these challenges, we developed CoSim with three in-
tegrated features. First, we developed five typical scenarios that
can cause student stress and anxiety, such as low exam scores or
heavy multitasking pressure. This approach adopts scenario-based
design [28]. The student agents are constructed using an interview-
grounded method [26]. We interviewed 32 junior students using a
semi-structured protocol focused on academic and life stress. We
then used these demographics and interview transcripts to con-
struct student agents for each student. Once an student agent has
gone through each timestamp in the scenarios, it will complete a
stress survey [5, 30] and receive a normalized score indicating its
stress level.

After selecting a scenario and an student agent, SALSs can in-
spect the student agent’s stress level and profile, which provides a
full view of the student agent’s background before the chat starts.
Finally, SALSs chat with the student agent in real time and read the
agent’s inner monologue to see the direct impact of their words
on the student agent’s feelings. We also add a distrust prompt that
elicits more authentic, sometimes negative reactions, thereby sim-
ulating realistic conversations (students may withhold or deflect
when talking with SALSs) and mitigating LLM "always reply" ten-
dencies.

2.3 User Study
We recruited 10 SALSs (4 females, 6 males) to use CoSim for about
an hour, with diverse backgrounds through university forums and
social media. On average, participants had 2.5 years of experience
working as SALSs. To better capture their usage behaviors of our
system, we chose remote participation over on-site to screen-record
everything about their interaction with our system for follow-up
data analysis. Meanwhile, we used think-aloud with remote screen
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sharing to watch and record everything. The think-aloud method
allowed users to verbalize their thoughts and internal processes
while performing a task to gain insight into their cognitive expe-
riences, problem-solving strategies, and decision-making [3, 20].
We first briefly introduced our system with screensharing to demo
the interface-specific features and functions. Next, we asked the
participants to open our system and share their screen with their
consent to record the whole session. Third, we especially asked the
participant to think about a scenario they usually deal with students
or one they would like to deal with students. Finally, we guided
them to chat with a stressed and anxious student to understand
their situation and provide suggestions to help the student as much
as possible. The think-aloud session lasted about 40-50 minutes,
and after the session, we conducted a 20-30-minute interview to
ask their general feeling about the system, their thoughts about the
simulated students, and their experiences with communication and
reflection, which are tied closely with our research questions.

3 Preliminary Findings
We report three key findings. First, the simulated agents achieved a
76% alignment score with their real-student counterparts on mental
health questionnaires, indicating strong behavioral fidelity. Second,
SALSs reported that interacting with the simulated agents helped
them better understand diverse student experiences and practice
communication strategies. Third, the simulation enabled SALSs to
observe psychological dynamics that would be difficult or risky to
reproduce in real settings, thereby supporting more informed and
anticipatory reflective communication.
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